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1 Visualization

4



1.1 Literature

† distill.pub article on Feature Visualization - amazing polish and visual quality

† Deep Visualization Toolbox Code Repository - try out things yourself
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https://distill.pub/2017/feature-visualization/
https://github.com/yosinski/deep-visualization-toolbox


1.2 Fancy 3D renderings

² Beautiful 3D visualization by Denis Dmitriev

² Looks great

² Hard to see what is going on
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1.3 Tone Mapping and Range Mapping

² Visualizing arrays of values in the range[min ,max ] needsTone Mapping or Range
Mapping

² Mappingmin to 0 and max to 1 (popular)

² Map valuesÇ 0 to 0 and valueÈ 1 to 1

² Warning: results can look quite di�erent when the range mapping changes

² Example: values are in a small range, e.g.[¡ ² ,Å² ], but values are mapped to the
complete visible range[0,1]

² Example: values are far outside the visible range, e.g.[¡ 100,100] but are mapped
inside the visible range
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1.4 Visualizing Filters Directly as RGB images

² Works great for �lters with sizeW £ H £ 3

² typically �rst layer CONV �lters

² Does not work great for small �lters (e.g.3£ 3)

² Does not work great for �lters in later layers

² Does not work great for �lters with many channels (e.g.3£ 3£ 512)
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